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ABSTRACT 
 

Keyword search is associate degree intuitive paradigm for looking joined knowledge sources on the online. We have 

a tendency to propose to route keywords solely to relevant sources to cut back the high value of process keyword 

search queries over all sources. We have a tendency to propose a unique methodology for computing top-k routing 

plans supported their potentials to contain results for a given keyword question. We have a tendency to use a 

keyword-element relationship outline that succinctly represents relationships between keywords and therefore the 

knowledge parts mentioning them. A structure evaluation mechanism is projected for computing the relevancy of 

routing plans supported scores at the amount of keywords, knowledge parts, component sets, and sub graphs that 

connect these parts. Experiments administrated mistreatment a hundred and fifty publically accessible sources on the 

online showed that valid plans (precision@1 of zero.92) that square measure extremely relevant (mean reciprocal 

rank of zero.89) are often computed in one second on the average on one laptop. Further, we have a tendency to 

show routing greatly helps to enhance the performance of keyword search, while not compromising its result quality. 
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I. INTRODUCTION 

 

The web isn't any longer solely a set of matter 

documents however conjointly an online of interlinked 

information sources (e.g., connected Data). One 

distinguished project that for the most part contributes to 

the present development is Linking Open information. 

Through this project, an outsized quantity of bequest 

information are reworked to RDF, connected with 

alternative sources, and revealed as connected 

information. Conjointly, connected information 

comprise many sources containing billions of RDF 

triples, that are connected by several links whereas 

totally different sorts of links are often established, those 

often revealed are same as links, that denote that 2 RDF 

resources represent constant real-world object. The 

system design is illustrated in Fig. 1. It’s tough for the 

standard internet users to use this internet information by 

suggests that of structured queries victimization 

languages like SQL or SPARQL. To the present finish, 

keyword search has evidenced to be intuitive. As 

opposition structured queries, no data of the search 

language, the schema or the underlying information are 

required. In info analysis, solutions are projected, which 

given a keyword question, retrieve the foremost relevant 

structured results, or simply, choose the only most 

relevant databases. However, these approaches are 

single-source solutions. They’re circuitously applicable 

to the online of connected information, wherever results 

aren't finite by one supply however may cover many 

connected information sources. As opposition the supply 

choice drawback, that is that specialize in computing the 

foremost relevant sources, the matter here is to work out 

the foremost relevant mixtures of sources. The goal is to 

supply routing plans, which might be accustomed work 

out results from multiple sources. to the present finish, 

we offer the subsequent contributions: we tend to 

propose to analyse the matter of keyword question 

routing for keyword search over an outsized variety of 

structured and connected information sources. Routing 
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keywords solely to relevant sources can reduce the high 

price of finding out structured results that span multiple 

sources. To the simplest of our data, the work conferred 

during this paper represents the primary plan to address 

this drawback. Existing work uses keyword relationships 

(KR) collected severally for single databases. We tend to 

represent relationships between keywords also as those 

between information components. They’re made for the 

whole assortment of connected sources, and then 

classified as components of a compact outline known as 

the set-level keyword-element relationship graph 

(KERG). Summarizing relationships is crucial for 

addressing the measurability demand of the connected 

information internet situation. IR-style ranking has been 

projected to include connectedness at the extent of 

keywords. To deal with the increased keyword 

ambiguity within the internet setting, we tend to use a 

structure connectedness model, wherever components to 

be thought of are keywords, entities mentioning these 

keywords, corresponding sets of entities, relationships 

between components of constant level, and inter-

relationships between components of various levels.. We 

tend to enforce the approach and evaluated it during a 

real-world setting victimization quite one hundred fifty 

in public accessible information sets. The results show 

the pertinence of this approach: valid plans 

(precision@1 ¼ zero.92) that are extremely relevant to 

the user info would like (mean reciprocal rank (RR) ¼ 

zero.86) are often computed in one second on the 

average employing an artefact computer. Further, we 

tend to show that once routing is applied to AN existing 

keyword search system to prune sources, substantial 

performance gain are often achieved  and provides an 

summary of existing work. The matter and resolution are 

sketched in Sections. The outline model is conferred in 

whereas Sections shows however it are often 

accustomed work out routing plans and Sections 

discusses the way to rank them. Analysis results are 

provided in Section  before we tend to conclude in 

Sections. Exponentially with the quantity of sources and 

links between them. Yet, most of the results is also not 

necessary particularly once they aren't relevant to the 

user. An answer to keyword question routing will 

address these issues by pruning unfortunate sources and 

sanctioning users to pick mixtures that a lot of 

seemingly contain relevant results. For the routing 

drawback, we tend to don't have to be compelled to 

work out results capturing specific components at the 

info level; however will specialize in the lot of coarse-

grained level of sources. 

 

 
Figure 1: System Architecture 

 

II.  EXISTING SYSTEM 

 

2.1. schema-based approaches  

 

There are schema-based approaches implemented on top 

of off-the-shelf databases. A keyword query is processed 

by mapping keywords to elements of the database 

(called keyword elements). Then, using the schema, 

valid join sequences are derived, which are then 

employed to join (“connect”) the computed keyword 

elements to form so called candidate networks 

representing possible results to the keyword query.  

 

2.2. Schema-agnostic approaches 

 

Schema-agnostic approaches operate directly on the data. 

Structured results are computed by exploring the 

underlying data graph. The goal is to find structures in 

the data called Steiner trees (Steiner graphs in general), 

which connect keyword elements. Various kinds of 

algorithms have been proposed for the efficient 

exploration of keyword search results over data graphs, 

which might be very large. Examples are bidirectional 

search and dynamic programming. Existing work on 

keyword search relies on an element-level model (i.e., 

data graphs) to compute keyword query results. 

 

DISADVANTAGES OF EXISTING SYSTEM: 

 

The number of potential results may increase 

exponentially with the number of sources and links 

between them. Yet, most of the results may be not 

necessary especially when they are not relevant to the 

user. The routing problem, we need to compute results 

capturing specific elements at the data level. Routing 

keywords return the entire source which may or may not 

be the relevant sources. 
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III. PROPOSED SYSTEM 

 

We propose to route keywords only to relevant sources 

to reduce the high cost of processing keyword search 

queries over all sources. We propose a novel method for 

computing top-k routing plans based on their potentials 

to contain results for a given keyword query. We employ 

a keyword-element relationship summary that compactly 

represents relationships between keywords and the data 

elements mentioning them. A multilevel scoring 

mechanism is proposed for computing the relevance of 

routing plans based on scores at the level of keywords, 

data elements, element sets, and subgraphs that connect 

these elements. We propose to investigate the problem 

of keyword query routing for keyword search over a 

large number of structured and Linked Data sources. 

 

ADVANTAGES OF PROPOSED SYSTEM: 

 

Routing keywords only to relevant sources can reduce 

the high cost of searching for structured results that span 

multiple sources.  

The routing plans, produced can be used to compute 

results from multiple sources.  
 

 

IV. METHODOLOGY 
 

We are going to develop a new approach which is useful 

for the android device users. Whenever user want to 

install app, before installing an app, user can get risk 

evaluation score, so that user can understand risk factor 

about a particular app. The following figure showing us 

to compare two PDF reader apps with risk evaluated 

score like low and high given in fig 2. By calculating 

accessing information from google play description for 

each app we are going to identify which features of user 

devices are accessing by an app. So that here we are 

going to generate a graph to take the comparison chart 

between apps accessing features of device. The 

following chart is the comparisons of apps with 

accessing features of user device. 

 
 

 

 

 

 

 

 

 

 

 

 

 

Figure 2: Scenario 

4.1 User can authenticate 

For using of effective risk communication application 

user has to get authentication after giving user id, 

password and get activated by entering into his Gmail 

account. 

 

4.2 User can search for apps by keyword 
User has to provide the keyword for application which 

he wants to be search. On basing on the search keyword 

user can get app complete details by category wise. 

 

4.3 Collecting information from google play 

On the basis of search keyword the complete 

information from google play can be collected. 

 

4.4 Using HTML parser to get data 

Html parser is used to get the data of each and every 

application from google play. 

 

4.5 Extracting App description 

Here text processing mechanism is used to get the 

description of app. 

 

4.6 Extracting App features 

Here text processing mechanism is used to get the 

Feature of app. 

 

4.7 Extracting App accessing permissions 

This is used for accessing the permissions of the 

application from google. 

 

4.8 Preparing Chart 

Risk Chart is developed between the two applications so 

that it is very easy to find the risk score is given fig.3 

 

4.9 Finding Risk Score 

By using Risk graph comparisons we can find risk 

values, where risk values may be high or low. If risk 

value is high then it is suggestible for the users not to go 

for installing. 

 

Chart showing the accessing features between apps.  
 

 

 

 

 

 

 

 

 

 

 

 

Figure 3: Risk Chart. 
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V. CONCLUSION 
 

We have given an answer to the novel downside of 

keyword question routing. supported modelling the 

search house as a structure inter-relationship graph, we 

have a tendency to proposed an outline model that teams 

keyword and part relationships at the amount of sets, and 

developed a structure ranking theme to include 

relevancy at completely different dimensions. The 

experiments showed that the outline model succinctly 

preserves relevant data. Together with the planned 

ranking, valid plans (precision@1 ¼ 0:92) that are 

extremely relevant (mean reciprocal rank ¼ 0:86) may 

be computed in one’s on the average. Further, we have a 

tendency to show that once routing is applied to 

associate existing keyword search system to prune 

sources, substantial performance gain will be achieved. 

 

The thought of risk score functions to boost risk 

communication for robot apps, and determine the 

specified rate for an efficient risk rating operate. We 

have a tendency to hope that the chance score are 

displayed directly for a personal app as per the user 

selection, for this researchers ought to develop a lot of 

bunch data-mining algorithms that offer higher 

performance, responsibility and security. 
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