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ABSTRACT 

 

In case of new users these types of reviews plays a vital role in deciding whether to go for that specific service 

or not. We propose a system which works by rating behavior of social users to predict user service ratings users 

rating behaviors are focused. In our point of view the rating behavior in this system could be embedded with 

these aspects: 1) when user had rated the item, what is the rating of that item, 2) what is the item, 3) what are 

the rating interests of the user that we could find from his/her previous rating history. A factor, rating schedule 

to represent users daily rating behavior, people generally believe opinions of authorized people, people who are 

related to them and people who have enough knowledge in that specific domain, here the proposed system 

comes into play. In the proposed system we fuse four factors they are, user personal interest(related to item‟s 

domain), interpersonal interest similarity between users(related to users interest), similarity in interpersonal 

rating behavior(related to users rating behavior), and diffusion in interpersonal rating behavior, into a unified 

matrix-factorized framework. A series of experiments are conducted in huge dataset. The new factors of social 

network like interpersonal exchange and interest based on circles of friends and challenges for recommender 

system (RS). Location data functions as the connection between user‟s physical behaviors and social networks 

service by the smart phone or web services. We refer to these social networks know to geographical 

information as location-based social networks (LBSN).We mine:(1)user‟s rating for any item.(2) between user‟s 

rating differences and user-user.(3)interpersonal interest similarity, are a unified rating prediction modules are 

used to communicate with the user. 

Keywords: Big data, Geographical location, Social network services, Recommender systems, Rating prediction 

 

I. INTRODUCTION 

 

Now a days rapid development of ubiquitous internet 

access and use of different mobile devices , social 

media such as face book , twitter , LinkedIn are 

widespread . smart phone users produce large 

volumes of data .The internet revolution has brought 

about a new way of expressing an individual's opinion. 

It has become a medium through which people 

openly express their views on various subjects. These 

opinions contain useful information which can be 

utilized in many sectors which require constant 

customer feedback. The proposed method attempts to 

overcome the problem of the loss of text information 

by using well trained training sets. Also, 

recommendation of a product or request for a product 

as per the user‟s requirements have achieved with the 

proposed method. 

These are the motivations why we utilize 

geographical location information to make rating 

prediction.  
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With the above motivations, the goals of this paper 

are:  

1) to mine the relevance between user‟s ratings and 

user item geographical location distances, called as 

user-item geographical connection,  

2) to mine the relevance between users‟ rating 

differences and user-user geographical location 

distances, called as user-user geographical connection.  

3) to find the people whose interest is similar to users. 

In this paper, three factors are taken into 

consideration for rating prediction: user-item 

geographical connection, user-user geographical 

connection, and interpersonal interest similarity. 

These factors are fused into a location based rating 

prediction model. The novelties of this paper are user-

item and user geographical connections, i.e. we 

explore users‟ rating behaviors through their 

geographical location distances.  

 

The proposed model is evaluated by extensive 

experiments based on Yelp dataset. Experimental 

results show significant improvement compared with 

existing approaches. 

 

Most care customers will be willing to buy items 

which are praised a lot and have a lot of positive 

reviews, they are more concerned about reputation of 

the product they willing to buy, which reflects their 

comprehensive evaluation based on intrinsic value of 

a specific product. To attain the positive sentiment 

the items will be with a good reputation to a great 

extent, in the same way if the product is negative 

sentiment them the item will be with a bad 

reputation to a great extent. When purchasing a 

product both positive and negative reviews are 

necessary because positive reviews will reflect the 

advantages of the product and negative reviews will 

portrait drawbacks of that specific product. It is clear 

that reviewer‟s sentiment will influence others users, 

if the reviewer has clear like and dislike statements, 

and other users will pay much attention on that 

particular user, but predicting users.  

 

II. LITERATURE SURVEY 

 

A. Matrix Factorization Technique with Trust 

Propagation for Recommendation in Social Networks 

Mohsen Jamali, Martin Ester To select the net data 

relevant to a given user Recommender systems area 

unit the most effective tools chosen by users and for 

building this recommender systems the foremost 

well-liked approach is cooperative filtering. this 

approach is based on user ratings that have direct or 

indirect social relations with the given user that 

reduces cold begin. In this paper model-based 

approaches is employed by applying matrix 

factorization techniques and incorporate the 

mechanism of trust propagation that could be a 

crucial development in social network analysis and in 

trust-based recommendation.  

 

B. Circle Based Recommendation in Online Social 

Networks Xiwang Yang, Harald Steck-2012 Online 

social network info will increase recommendation 

accuracy on the far side rating or feedback-driven 

recommender systems (RS) to serve users of totally 

different domains. They support a new feature called 

“Friends Circles” during which users “Friends” 

thought is employed. Unfortunately a user‟s social 

connections have all classes of information mixed. 

This paper is to develop circle-based RS which in the 

main focuses on gathering the users of same class 

from trust circle combined with social network 

information and they are weighted supported their 

inferred experience levels. C. Pipeline Item-Based 

Collaborative Filtering Based on Map Reduce Z. Zhao,  

 

C. Wamg, Y.Wan-2015 As we all recognize, it is an 

era of knowledge explosion, in which we tend to 

invariably get vast amounts of knowledge. Therefore, 

it is in urgent would like of choosing out the helpful 

and attention-grabbing info quickly. In order to 

unravel this significant issue, recommendation system 

arises at the historic moment. Among the existing 

recommendation algorithms, the item-based 

collaborative filtering recommendation algorithmic 
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rule is the most generally used one. Its principle is 

based on the user‟s analysis of things. The purpose is 

to find the similarity between users, and recommend 

things to the target user according to the records of 

the similar users. However, the number of consumers 

and merchandise keeps increasing at a high rate, 

which will increase the price to find out the advice 

list for every user. The efficiency of a single common 

laptop won't satisfy the need and also the super 

computer can price an excessive amount of. In order 

to unravel the matter, we propose to use Map Reduce 

to implement the recommendation system. Besides, 

we distribute the job to some laptop clusters and also 

the input file of this laptop cluster solely depends on 

the previous one or the origin input. So the pipeline 

technologies are going to be adopted to boost the 

efficiency additional. The experiment shows that the 

method will merge the power of some common 

laptop to method large-scale knowledge in a very 

short time. sentiment is not a easy task. 

 

D. Rating Prediction Via Exploring Service 

Reputation Xiaojiang Lei-2015 With the growth of e-

commerce, it presents a great chance for individuals 

to share their consumption expertise in review 

websites. However, at the same time we face the 

knowledge overloading downside. How to mine 

valuable info from these reviews and build an correct 

recommendation is crucial for USA. Traditional 

recommender systems (RS) think about several factors, 

such as product category, geographic location, users 

purchase records, and the other social network factors. 

In this paper, we first off propose a social users 

reviews sentiment mensuration approach and 

calculate every user‟s sentiment score on 

items/services. Secondly, we think about service name, 

which reflects the customers‟ comprehensive analysis. 

At last, we fuse service name issue into our 

recommender system to build a correct rating 

prediction, which is based mostly on probabilistic 

matrix factorization. We conduct a series of 

experiments on Yelp dataset, and experimental results 

show the proposed approach outperforms the existing 

RS approaches.  

 

E. Joint Social and Content Recommendation for 

User-Generated Videos in Online Social Network Zhi 

Wang, Student Member, Lifeng Sun, Wenwu Zhu, 

Shiqiang Yang, Hongzhi Li, and Dapeng Wu Online 

social network is rising as a promising different for 

users to directly access video contents. By allowing 

users to import videos and re-share them through the 

social connections, a large range of videos square 

measure out there to users within the on-line social 

network. The rapid growth of the user-generated 

videos provides huge potential for users to seek out 

those that interest them; whereas the convergence of 

on-line social network service and on-line video 

sharing service makes it attainable to perform 

recommendation victimization social factors and 

content factors conjointly. In this paper, we style a 

joint social-content recommendation framework to 

recommend users that videos to import or re-share in 

the on-line social network. In this frame-work, we 

initial propose a user-content matrix update approach 

that updates and fills in cold user-video entries to give 

the foundations for the advice. Then, based on the 

updated user-content matrix, we construct a joint 

social-content house to live the connection between 

users and videos, which will give a high accuracy for 

video importation and re-sharing recommendation. 

We conduct experiments victimization real traces 

from Ten cent Weibo and Youku to verify our rule 

and assess its performance. The results demonstrate 

the effectiveness of our approach and show that our 

approach can considerably improve the 

recommendation accuracy. 

 

III. EXISTING SYSTEM 

 

 Fortunately, with the popularity and rapid 

development of social networks, more and more 

users enjoy sharing their experiences, reviews, 

ratings, photos, and moods with their friends. 

Many social-based models have been proposed 
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to improve the performance of recommender 

system. 

 Yanget al. propose to use the concept of 

„inferred trust circle „based on the domain-

obvious of circles of friends on social networks 

to recommend users favorite items. 

 Jianget al. prove that individual preference is 

also an important factor in social networks. In 

their Context Model, user latent features should 

be similar to his/her friends „according to 

preference similarity. 

 Hu et al. and Lei etal.utilize the power of 

semantic knowledge bases to handle textual 

messages and recommendations. 

 

DISADVANTAGES OF EXISTING SYSTEM: 
 The first generation of recommender systems 

with traditional collaborative filtering 

algorithms is facing great challenges of cold 

start for users (new users in the recommender 

system with little historical records) and the 

sparsity of datasets. 

 They perform biases based matrix factorization 

model 

 

IV. PROPOSED SYSTEM 

 

 To mine the relevance between user‟s ratings 

and user geographical location distances, called 

as user-item geographical connection, 

 To mine the relevance between users‟ rating 

differences and user-user geographical location 

distances, called as user-user geographical 

connection, and 

 To find the people whose interest is similar to 

users. In this paper, three factors are taken into 

consideration for rating prediction: user-item 

geographical connection, user-user geographical 

connection, and interpersonal interest 

similarity. These factors are fused into a 

location based rating prediction model. 

 The novelties of this paper are user-item and 

user-user geographical connections, i.e. we 

explore users‟ rating behaviors through their 

geographical location distances. The main 

contributions of this paper are summarized as 

follows: 

 We mine the relevance between ratings and 

user it geographical location distances. It is 

discovered that users usually give high scores to 

the items (or services) which are very far away 

from their activity centers. It can help us to 

understand users‟ rating behaviors for 

recommendation. 

 

ADVANTAGES OF PROPOSED SYSTEM: 

 We mine the relevance between users‟ rating 

differences and user-user geographical 

distances. It is discovered that users and their 

geographically far away friends usually give the 

similar scores to the same item. It can help us to 

understand users‟ rating behaviors for 

recommendation. 

 We integrate three factors: user-item 

geographical connection, user-user geographical 

connection, and interpersonal interest 

similarity, into a Location Based Rating 

Prediction (LBRP) model. 

 The proposed model is evaluated by extensive 

experiments based on Yelp dataset. 

Experimental results show significant 

improvement compared with existing 

approaches. 

 

V. LOCATION BASED SOCIAL NETWORKS 

 

Social network refers to the number of users, cluster 

with more than one kind of relation. These networks 

can be digitally represented in the real world. While 

user is ameliorating their activities, the users network 

gets the update of those activities through social 

network. The user geographical based network data 

improve the network activities as well as the location 

mentioned in the network services. Location 

embedded systems share the information of the users 

physical location which is present in their social 
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structure employed by the location based social 

network. When a user connects to a location on a 

social network, the new structure is established. The 

geographical location of a user can be known from 

their tagged media content & activities (such as 

photos, etc.).The social network structure will not be 

affected either by the similar location histories or the 

same geographical location of the user. User behaviors, 

activities and other information is stored within the 

social network structure. New geographical locations 

and their interdependence with the existing one can 

predicted from the locality based networks. From the 

acquired information, graphs can be classified into 

following user-location graphs, location-location 

graphs, and user-user graphs. 

 

A.Location-Location Graph In the location-location 

graphs, users travel along the edges of two varying 

nodes representing locations. The weight of the edge 

represents the simultaneity between the tenacity of 

two locations.  

 

B. User-Location Graph This graph deals with 

locations and users separately. The edges denotes the 

location that user visited from the start and end point 

and number of visits as weight of edge 

 

VI. CONCLUSION AND FUTURE WORK 

 

In this paper, we mine: 1) the relevance among users‟ 

ratings and consumer-object geographical vicinity 

distances, 2) the relevance between users‟ score 

differences and person-consumer geographical place 

distances. it's miles observed that humans‟ score 

behaviors are stricken by geographical area notably. a 

customized area based rating Prediction (LBRP) 

model is proposed by way of combining 3 elements: 

consumer-item geographical connection, user-person 

geographical connection, and interpersonal interest 

similarity. especially, the geographical area denotes 

consumer‟s real-time mobility, mainly whilst users 

travel to new towns, and these elements are fused 

together to improve the accuracy and applicability of 

recommender systems. In our destiny paintings, 

testing behaviors of users could be deeply explored 

via thinking about the element in their multi-hobby 

centers and the attribute of POIs. 
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